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__| Education

Undergraduate Research Internship, Image Lab (Prof. Byungwoo Hong)
ChungAng University

Jul 2020 - Sep 2020

B.S. in Software Engineering
ChungAng University
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ﬂ Publication

Bl == 84

2L s3] (IPIU 2025) =2 1 7|X{ 2 TAF 23
== M= : GreeZe-TAS: Efficient Greedy Transformer Architecture Search Using Zero—Cost Proxies

XX} : Hyunju Lee*, Bumsub Ham

=X| et3|(WACV 2026, hb—-index: 131, Google Scholar CV&PRE0} 62]) == 1™ A|IX{ &2l
== M= : GrowTAS: Progressive Expansion from Small to Large Subnets for Efficient ViTArchitecture Search

XX} : Hyunju Lee*, Y.Oh, J.Jeon, D.Baek, Bumsub Ham

=X| &t3|(AAAl 2025, hb-index: 232 , Google Scholar AI20} 42]) =& 1M H| XY
== M= : Efficient Few—Shot Neural Architecture Search by Counting the Number of Nonlinear Functions

XX} 1 Y.Oh*, Hyunju Lee, Bumsub Ham

=X| &3|(CVPR 2026, hb-index: 450 , Google Scholar CV&PREZ0} 1¢) =& 1™ HM|E (Under Review)

== M= : TAS-LoRA: Transformer Architecture Search with Mixture—of—LoRA Experts

XXt - J.Jeon*, Hyunju Lee, Bumsub Ham



Y YSAutoML

02 Projects

OVERVIEW
YSAuto M L / AI Resea rc h er & Tec h Lead e r SEUSTARIED This chapter introduces you to the framework of YSAutoML, and provides links to detailed

tutorials about YSAutoML
GET STARTED

2024.03~2025.12

What is YSAutoML

(2 ZAA AutoML 2IO|E2{2| 71
Python(Pytorch) 7|82 2 NAS, O|0|H &Z&, Domain-Specific Batch
Normalization(DSBN), Fixed-Point Quantization, Loss Search &=

*P f°| S AutoML mHo|ZEIQIC 2 Hi510], Atz 2 Z(H 2E 8 e i [ e~ ) T
otE E@F; At X F DS dd5te QEAA 2I0[E2[E
EC

- Django 7|t G2 & UIE #5510, AFEXH7E AutoML 7|52 &2

E‘”ﬁE_éé" —)F 9)\% -63 EHE API% AI 7_II'§I'-6I-_T|_ Eeg% %onl Automated Al System Construction Library

YSAutoML is an open-source library designed for the automated construction of Al systems.
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Chung-And University Image Lab /
Undergraduate Student
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E|AF / Front-end engineer & Planner
2020.07 — 2023.08

- ‘Fooding’ : [} HESHEES 2|8t Stm2 A AlCH =
edux / Mobile Web)

A4 vl 8l 7ls 7
gl MH| Ayl 8 715

o & MH|A 7|2

ﬂllﬂl rf

7R AU A

ol SKT &

;

=M

T -

2% 6:52 (o} )

192.168.0.13 X

fooding

START HEE 2]
22 F2M2!

SHEHEX

OIEIE 2 HEHOI?

EEIOI LLP/

SUH E 2 EH=
fooding )

7|orete

32N

THEDH| 22!
yeay

AEolusre

2oy e 2y

),

fooding

W YEA U W, FYo| FHEYAH R

ZloH=Al

ez wwew  gAm 239
Q
=/ a8
B4 4 DAEHC o}

13 & B £

opleRty  EMAEYN 22 27

& @ e ®

ey Y24 238 Hjof#z2]

Wl SKT = 2 12:45 @ 5% ol SKT 7 9 6:42

a @ X

@1 caufooding.com

Instagram =

< fooding X fooding_cau

oY oo ELk

@ foodlng caudle| HAIE 25 &




02 Projects

OPICSCRIPT / Front-end engineer & Tech Leader avm o aem o mem o wem o v
2023.05~2025.05
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KIIYO / Full-stack engineer & Tech Leader
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CAU Capstone Design, Sep 2021 - Dec 2021
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https://www.youtube.com/watch?v=E_UenhcZ1x4

02 Projects

22 VR Projects
Grad Escape (Unreal Engine VR S X 2= A|Ql)

CAU 7tat S =ot5{ Al Nov 2021 - Dec 2021
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https://www.youtube.com/watch?v=Qx5GMoysw9E
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https://dlguswn3659.github.io/assets/files/README_mosaic.pdf

Q Article

@ Article

«July 2022: Multi Wallet Dashboard, "MEPE"Z HackATOM 20220{|A] HackATOM Seoul Critics’ Awards - Interchain

AwardE =45t

*September 2021:
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https://www.hankyung.com/it/article/202208091296i
https://www.hankyung.com/it/article/202208091296i
https://www.hankyung.com/it/article/202208091296i
https://www.hankyung.com/it/article/202208091296i
https://www.sedaily.com/NewsView/22QEHN4DYP
https://www.sedaily.com/NewsView/22QEHN4DYP
https://www.sedaily.com/NewsView/22QEHN4DYP
https://www.sedaily.com/NewsView/22QEHN4DYP
https://www.sedaily.com/NewsView/22QEHN4DYP
https://www.sedaily.com/NewsView/22QEHN4DYP
https://www.sedaily.com/NewsView/22QEHN4DYP
https://swedu.cau.ac.kr/board/view?menuid=001006002&pagesize=10&boardtypeid=5&boardid=338
https://swedu.cau.ac.kr/board/view?menuid=001006002&pagesize=10&boardtypeid=5&boardid=338
https://swedu.cau.ac.kr/board/view?menuid=001006002&pagesize=10&boardtypeid=5&boardid=338
https://swedu.cau.ac.kr/board/view?menuid=001006002&pagesize=10&boardtypeid=5&boardid=338
https://swedu.cau.ac.kr/board/view?menuid=001006002&pagesize=10&boardtypeid=5&boardid=338
https://swedu.cau.ac.kr/board/view?menuid=001006002&pagesize=10&boardtypeid=5&boardid=338
https://swedu.cau.ac.kr/board/view?menuid=001006002&pagesize=10&boardtypeid=5&boardid=338
https://swedu.cau.ac.kr/board/view?menuid=001006002&pagesize=10&boardtypeid=5&boardid=338
https://swedu.cau.ac.kr/board/view?menuid=001006002&pagesize=10&boardtypeid=5&boardid=338
https://swedu.cau.ac.kr/board/view?menuid=001006002&pagesize=10&boardtypeid=5&boardid=338
https://mediahub.seoul.go.kr/archives/1256650?tr_code=m_snews
https://mediahub.seoul.go.kr/archives/1256650?tr_code=m_snews
https://www.weeklytoday.com/news/articleView.html?idxno=97257
https://www.weeklytoday.com/news/articleView.html?idxno=97257
https://www.weeklytoday.com/news/articleView.html?idxno=97257
https://www.weeklytoday.com/news/articleView.html?idxno=97257
https://www.weeklytoday.com/news/articleView.html?idxno=97257
https://www.weeklytoday.com/news/articleView.html?idxno=97257
https://www.weeklytoday.com/news/articleView.html?idxno=97257
https://www.weeklytoday.com/news/articleView.html?idxno=97257

ﬂ Awards

8 Honors and Awards

Evmos-Covalent DeFi (2nd Place)  Dec 2022

HackATOM Seoul 2022 Cosmos SDK (1st Place)  Jul 2022

HackATOM Seoul 2022 Critics’ Awards - Interchain Award  Jul 2022

Academic Merit Scholarship, ChungAng University = 2021-2

O EE|3 I M A SNU 2021 (3rd Place)  Sep 2021

= ! CHIX| SW/AI TECH FAIR 2020 PE Q&S WHLHS| X|244F(1st Place)  Sep 2020
SUC et uXE 23| He|sTAIl ] 22| & 4 (1st Place)  Dec2019

= o CHIX|swil S 2019 Best Software Awards $54H(2nd Place)  Nov 2019

2019 ST T SAAMT S L (EMHSZE &) (2nd Place)  Nov 2019

2019 SKT NUGU Play =27 Z2{4H(3rd Place)  Sep 2019

Always-on Z2H E AZICHE| 244 2nd Place)  Nov 2018



05 Leadership & Volunteer

(o Leadership

AT Eg|o{cHst S LCHAL 17| D|C|o{ 2
Software Collage, ChungAng University, 2019

CLUG QIEZ0|E Al HAMxt

Software Engineering Academic Club, ChungAng University, 2019
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» Volunteer

2018 WAF A S22 T SID Passion Crew
ZE0}0|ASH | MIE|, GHC Sports Information Desk, Feb 2018
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Neural Architectures

Manual Design
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[Source] Simone et al., IEEE Access, 2018.
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Hardware
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GrowTAS (Gradual Optimization for Weight—Sharing TAS)
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Method : GrowTAS
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Model Top-1(%) #Paramsi(M) FLOPs(G)
WViT-T [9] T4.5 57 -
DeiT-T [32] 72.2 57 1.2
ConViT-T [10] 731 57 1.2
TNT-T[14] 73.9 6.1 1.4
WViTAS-C [29] 4.7 58 1.2
FocusFormer-T [22] T5.1 6.2 1.4
PreNAS-T [35] 77.1 59 1.3
AutoFormer-T [5] 74.7 57 1.3
AutoFormer-T# [5] 74.9 5.9 1.3
GrowTAS-T 75.2 59 1.3
GrowTAS-T+ 75.2 59 1.3
GrowTAS-TY T1.1 59 1.3
ViT-8 [9] T8.8 221 5.1
DeiT-5 [32] T9.8 221 47
ConViT-5 [10] 813 27.0 54
TNT-5[14] 813 238 5.2
ViTAS-F [29] 805 27.6 5.5
FocusFormer-5§ [22 gl.a 237 5.1
PreNAS-8t [35] 1.8 229 5.1
AutoFormer-5 [5] 81T 229 5
AutoFormer-5% [5] gl.a 229 5.1
GrowTAS-S 816 228 5.1
GrowTAS-5+ 818 224 5.1
PVT-Large [36] 817 61.0 9.8
DeiT-B [32] 818 86.0 18.0
ViT-B [9] 9.7 86.0 18.0
ConViT-B [10] §2.0 56.0 17.0
FocusFormer-B [22] 1.9 528 1.0
PreNAS-BY [35] 826 54.0 11.0
AutoFormer-B [3] 824 54.0 11.0
AutoFormer-B* [5] §2.4 54.0 11.0
GrowTAS-B 826 53.2 11.0
GrowTAS-B+ 8§27 53.3 11.0

Experiments

Table 2.

iNaturalist-19. We report top-1 accuracy (%) and the number of model parameters (in millions).

Model #Params (M) CIFAR-10 CIFAR-1000 Flowers Cars INAT-19
ViT-B/16 |? | 86M 98.1 87.1 89.5 - -
ViT-L/16 7 | 307™M 97.9 86.4 89.7 - -

Deil-B [? | 86M 99.1 90.8 08.4 92.1 77.7
VITAE-S |7 ] 24M 08.8 90.8 97.8 91.4 76.0
DearKD-S |? | 22M 08.4 89.3 97.4 91.3 -
PreNAS-S [22] 23M 99.1 91.2 97.6 92.2 76.4
AutoFormer-S | 3] 22.9M 98.9 89.6 97.9 92.1 77.4
ProgTAS-S (Ours) 22.4M 99.0 90.9 08.2 - 77.9

7|1E HO|AERISH} H| WS I 71 E2 d52 7HKI= As =eld =+ UL

Transfer learning performance comparison across multiple datasets: CIFAR-10/100, Oxford Flowers, Stanford Cars, and
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